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Abstract: To overcome the performance degradation of the classifier due to the noise in individual stock price

data, this paper proposes a novel cluster-based stock price trend prediction method (AP-SVM). We first used

the affinity propagation algorithm to select all the stocks with high similarity in the aspect of the price tendency

to the predicted stock, and then used these stocks as the training data to fit a support vector machine (SVM).

The experimental results show that AP-SVM surpasses the traditional SVM method in predicting accuracy in the

noisy training data.
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Fig. 1 Correlation coefficient diagram between

CITIC securities features
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Fig. 3 Days of stock prices in up and down movement in

security industry
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Fig. 4 Similarity relation schema of stocks in security industry
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