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Cluster Resource Scheduling Algorithm in
Cloud Computing Based on Fuzzy K-Means

ZHOU Lijuan

Experimental Teaching Center, Shanxi University of Finance and Economics, Taiyuan 030006 , China

Abstract: To solve the problems of cluster resource scheduling algorithm in cloud computing, such as
unbalanced load and weak on-line suiting, we proposed a cluster resource scheduling algorithm based on fuzzy
K-means. Firstly, a resource scheduling model was established in cloud environment. Then the cluster resources
in cloud computing were cluster-analyzed by a fuzzy cluster technique, and the number of clusters was decided
by the distance between the cluster node and the entire cluster centers. When a new task is arrived, the
algorithm will automatically calculate the distance to each cluster center and the cluster center with a minimum
cluster distance will be assigned to this task. The algorithm is simulated in CloudSim environment and the
results demonstrate that the proposed method can effectively realize the dynamic scheduling of cluster resources
in cloud computing. Moreover, the algorithm displays real-time reaction and load balance, appearing superior to
the other reported methods. The algorithm can be regarded as a feasible task scheduling method suitable for
cloud computing environment.
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