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Abstract: To detect the pseudo-learners in Massive Open Online Courses (MOOC) , a pseudo-learner detection

model was proposed based on Tri-training. First, new behavior characteristics such as autonomic behavior and

interactive information were proposed based on the analysis of the learners” fundamental characteristics, and the

learner's dynamic behavior pattern was established by the joint analysis of the above characteristics. Second, a

multi-classifier was used to identify the learner's behavior data to detect pseudo-learners. Finally, experiment

results indicate the proposed method can be used to detect whether a learner is a pseudo-learner, which has the

potential to partially evaluate the MOOC teaching effect in practice.
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Fig. 1 Pseudo-learner recognition model based on
collaborative training
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Tab. 1 Samples of processed learning behavior data
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Tab.2 Predict results of pseudo-learners %

BHmtE HERR PERCIp:
FEASE 1 97.85 98.5
FEAE 2 97.78 98.45

B2 25 1 T BT A 5 2 3 B AUBOUL A A5 2 %0 1t
2o K 2 ol DL A A B o) 3 i MWL R
AR A T 0, 2 WX 8857 o) 35 B DU 47 O 4
BILE R BB A AT RE SR ] EE LR Y J7 XA 2
SRR, TR T 23 25 21 2 B AL 0L R A AR AT LR
0.5 LA_E, R UM ATAY IO AT 0 70 A B0 ~F- 4

=)
T

o
o0

N
~

Video viewing frequency entropy
<)
=

e
o

010° 1101 1(1)2 10°
Number of learners
B2 %3EMERIRTH 5T
Fig. 2 Video viewing behavior statistics of learners
F 32 TR 2 E R 2
TR 075 A5 00 ) 4T B, R AN I 109 19 1E 8
2 3] F I RE R /N T 0.25, T O 2 3 3 Y He 4
iK95% . XULBANE ST E RN T RAT% 2] % —IK
o LB it b R 3 498 i (s DL 80 1Y
J5 2N PR AR 202 AT o8, B 5 1E 2% 2 E M
Eb, PR 25 2 3 B RATOILE 17 M 5 ) S v
®3 ER$IESHEIENNANEHRER

Tab.3 Video viewing frequency entropy of normal learners

VS pseudo-learners
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