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Research on the method of obstacle avoidance for

automatic robot based on genetic algorithm

KONG Wei , ZIIAN Yan-duo
(School of Computer Scicnee and Engincering, Wuhan Institute of Technology, Wuhan 430074, China)

Abstract; This paper gives a realization of potential field and proposes a local potential field an advanced

method according to the automatic robot., The experimental result indicates that, the track speed can

satisfy the system real time request, and has the high reliability.

Key words: automatic robot; potential field; genetic algorithm
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